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Sentiment Recognition of Laptop Reviewby Data Mining Techniques
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Abstract

This research purposes sentiment recognition model by classifying into 2 two types which are positive and negative
sentiment. The data set is computer laptop reviews in English text from SemEval 2014 task 4. There are 3 algorithms that
are applied in our model including Support Vector Machine, K-Nearest Neighbors and Decision Tree. And, the main
features of Feature Extraction process is composed of 2 features. There are Score of Senti-Wordnet dictionary that is a free
database and Boolean values from training data. The experiment result shows Decision Tree gives higher than other
algorithm. The F-measure of highest score of positive classification is 0.833 and the highest score of negative classification
is 0.733
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<?xml wversion="1.0" encoding="UTF-8" standalone="yes"?>
<sentences>
<sentence id="2339">
<text>I charge it at night and =skip taking the cord with me because of the good battery life.</text>
<aspectTerms>
<aspectTerm term="cord" polarity="meutral" from="41" to="45"/>
<aspectTerm term="battery life" polarity="positive" from="74" to="2&6"/>
</aspectTerms>
</sentence>
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3= nice 3= look 3= look
4=and 4=and
5=the 5=the
6 = keys 6 = kei
7=are T=ar
8= eazy 8=easi
9=1type 9=1tpe
10 =with 10 =with
13=type
14 =with.
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NAUYNIN
4) NATINTDIAIATLL 0.745 0.519 0.760 0.571 0.739 0.625 ﬂmzﬁ“ﬂwm:ﬁ' 1-6
AMNNAUIYNTNIINT
ANAZIUUAN
NAUYNTH
5) NNADMANELY 0.784 0.593 0.583 0.333 0.619 0.556 qmﬁnwmx‘ﬁ' 1-8
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