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Abstract

This research purposes English text and documents analysis via website. It is facilitated for researchersto analyze the
presence of the word and correlation of words into documents. In addition, this website is a tool of students who study
Natural Language Processing subject for learning about the basic methods of document analysis. Furthermore, it is usedin
data preparation process and is applied in data mining software. The first process of website, user can types text in
textbox or selects files in input process. These inputs are automatically segmented to be each word by using space and
symbols. Then, user can selects options of analysis which are Stop-Word List Removal and Stemming. Later, users can
selects output displays including Frequency of word, TF-IDF weight, Features extraction by using Boolean or frequency of
word, and Keyword extraction of all documents. The results of website evaluation from students who study Statistic of
Natural Language Processing subject and who interest in text analysis are a good level according to the statistics. And,
mean is 3.95 and standard deviation is 0.909.
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Text Analyzer.

Enter your text to analyzer :

Global warming is when earth heats up.It happens when
greenhouse gases (carbon dioxide, water vapor, nitrogenous
oxide, methane) trap heat and light from the sun in the
earth’s atmosphere.This hurts many people,
animals,plants.Many cannot take change., so they die.

or select file :

Choose File greenhouse7 txt
Choose File No file chosen
Choose File No file chosen
Choose File No file chosen
Choose File No file chosen
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Options :
Stemming word

# Stoplist
Pronouns Ex : | you we they he shae it me him her us them| Edit
Verb Ex : Is am are was were do does have has Edit
Preposition Ex : on at In from Toward After Among Before Edit
Conjunction Ex : and but beside or that for also still else Edit
Interjection Ex : Good! Yippee! Hey! My Goodness! Oh no! Edit
Compound Ex : somebody anybody nobody everybody Edit
Symbol and Number Ex:17",.:;" ' <>{J[1+-()&%$@ ~| Edit

#*.0123456789

Customize

Output :

* Frequency
TF-1IDF
Feature
Keyword

Analyze | | Cancel
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Hanun udasnannd 4 Ineflideulaaes Top Rank AlElunnsuaneea 18un 10, 20, 30, 40, 50, 60, 70, 200,

All

Frequency and Top in all Documents : o

No. Word Rank | Occurrences | Frequency (%)
1. | temperature 1 6 341 %
2 | when 1 b 3.41%
3. | heat 1 6 341 %
4 |is 2 5 2.84 %
5. | This 2 5 2.84%
6. |and 2 5 284 %
7. | light 2 5 284%
8. | greenhouse 3 4 227%
9 | atmosphere 3 4 227%
10. | rises 3 4 2.27%

] v a A °
AINN 4 UUNIADLAAINANITI Lm’]%ﬁiugﬂm.lum’mﬂ“ﬂﬂdm

NNTLAASANINUTINIBIANARETF-IDF aadusiarAnliananslalnani1svieA1sinutinaasAfq e TF-IDF1aLAay

£ £
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LBNANIIW YINBENANIAININT 5 AzUanA TF-IDF aasdiayadiniia 2 lwnans inedsziiuainnnudiAyaes

o

Al Tunguienans

TF-IDF of Top Rank :

Term TF-IDF TF-IDF
(Document — #1) (Document — #2)
temperature 0 2.862
when 0 1.204
heat 0.301 1.985
is 0.301 1204
This 0.301 1.204
and 0.301 1.204
light 0.301 1.204
greenhouse 0.301 0.528
atmosphere 0.301 0.528
rises 0.301 0.528

2NN 5 UtiaauaneanIsaAT e lugluuL ANt uinaesAl fiae TF-IDF
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Feature Extraction value on : [Boolean v || Save file as CSV |

Feature Extraction in all documents,

temperature | when | heat | is | This | and | light | greenhouse | atmosphere
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