[
a o a

a Y a a o a t
MaUsEgnivInIssEiunRuInedumelulagsvinagissagl ASIN 1 (The 17 RUSNC)

N5IASIZTRUNAMNDALUNR 1agld NTEUAUNITATHIETTNTR

Literature Analyzed Using Natural Language Processing
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Abstract

This research aims to develop an automatic literary analysis. Textual summaries from the resource of
publications such as Science Direct, PubMed, and IEEE were automatically generated in XML, Call API, Web Service and
Web Content format. Due to the research articles were daily published, the new knowledge from scheduler program and
Crontab Daily was obtained. System works through 3 main steps. First, Literature Analyzed will collect RSS feeds for new
nomenclatural declaration from PubMed, ScienceDirect, and Sprinkerlink. Second, Literature Analyzed will apply
Recognition algorithms to parse the RSS to tag and associated information within the content, extract and add the
information into its database. Third, Literature Analyzed will generate the summarize alert daily for the subscriber. In
addition, the information from Literature Analyzed database will be available at the website including search capabilities
and analytical reports. The website contains the list of summarize and its information including the link to the journal
article
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Up to the 1980s, most NLP systems were based on complex sets of hand-written rules.
Starting in the late 1980s, however, there was a revolution in NLP with the introduction of
machine learning algorithms for language processing. This was due to both the steady
increase in computational power (see Moore's Law) and the gradual lessening of the
dominance of Chomskyan theories of linguistics (e.g. transformational grammar), whose
theoretical underpinnings discouraged the sort of corpus linguistics that underlies the
machine-learning approach to language processing.[3] Some of the earliest-used machine
learning algorithms, such as decision trees, produced systems of hard if-then rules similar to
existing hand-written rules. However, Part-of-speech tagging introduced the use of Hidden
Markov Models to NLP, and increasingly, research has focused on statistical models, which
make soft, probabilistic decisions based on attaching real-valued weights to the features
making up the input data. The cache language models upon which many speech
recognition systems now rely are examples of such statistical models. Such models are
generally more robust when given unfamiliar input, especially input that contains errors (as is

very common for real-world data), and produce more reliable results when integrated into a

larger system comprising multiple subtasks.
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Up to the 1980s, most NLP systems were based on complex sets of hand-

written rules.

Starting in the late 1980s, however, there was a revolution in NLP with the

2
introduction of machine learning algorithms for language processing.
[3] Some of the earliest-used machine learning algorithms, such as

3 decision trees, produced systems of hard if-then rules similar to existing
hand-written rules.

4 The cache language models upon which many speech recognition
systems now rely are examples of such statistical models.
Such models are generally more robust when given unfamiliar input,

5 especially input that contains errors (as is very common for real-world

data), and produce more reliable results when integrated into a larger

system comprising multiple subtasks.
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